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Decades of research has demonstrated the negative im-
pact that providing nondiagnostic information to decision 
makers can have on decision-making performance (e.g., 
Carr et al., 2017; Nisbett et al., 1981; Waller & Zimbel-
man, 2003; Zukier, 1982). This is particularly relevant for 
selection decision makers1 who have access to information 
from myriad sources (e.g., LinkedIn, Facebook, referenc-
es) from which they can acquire job relevant (e.g., skills 
and abilities) as well as job irrelevant (e.g., fandom for a 
specific sport team) information about a candidate (High-
house, 1997). In fact, the volume of information presented 
to selection decision makers has increased in recent years. 
As discussed in greater detail later, for instance, 70% of 
selection decision makers utilize social network sites to vet 
candidates. These websites contain, at times, a dizzying 
array of information about candidates, most of which is not 
valid for making selection decisions (see Brown & Vaughn, 
2011). 
With some estimates of the cost of hiring in excess of 
$4,000 per position to fill (Northon et al., 2016), it is cost-
ly to organizations to make bad hiring decisions (Fatemi, 
2016). Understanding the potential pitfalls that can lead to 
bad hiring decision making is therefore important. Although 
research has consistently shown that using one’s intuition 
results in poor-quality hires (Highhouse, 2008), individu-
als nevertheless put faith in their “expertise” and intuition 
to make selection decisions. Relying on one’s intuition to 
make selection decisions, though, can often result in using 
irrelevant (i.e., nondiagnostic) information. The purpose of 
this paper is to highlight the negative impact nondiagnostic 
information can have on selection decision making, provide 
a picture of the prevalence of this type of information, and 
present methods for mitigating the impact of nondiagnostic 
information. 
Nature of Nondiagnostic Information
Although individuals have various sources of infor-
mation at their disposal when making decisions,2 decisions 
are most accurate when made using only relevant informa-
tion given the specific context of the decision (Nisbett et 
al., 1981). In the language of the lens model (Hammond, 
ABSTRACT
KEYWORDS
Selection decision makers are inundated with information from which to make decisions 
about the suitability of a job candidate for a position. Although some of this information 
is relevant for making a high-quality decision (i.e., diagnostic information), much of the 
information is actually unrelated to the decision (i.e., nondiagnostic information). Although 
the deleterious effects of nondiagnostic information on selection decision making have 
been demonstrated, the prevalence and impact of this type of information is increasing, 
especially with recent advances in new selection methods used by employers. The purpose 
of this paper, therefore, is to caution selection decision makers, and/or those advising them, 
to the impact nondiagnostic information has on decisions. We also present different types 
and prevalence estimates of nondiagnostic information given the changes to the ways 
applicants are screened and selected. We conclude with suggestions for mitigating the use 
and/or negative impact of nondiagnostic information.
nondiagnostic information, 
selection decision 
making, dilution effect, 
misinformation
Corresponding author: 
Dev K. Dalal
1400 Washington Ave SS-399 
Albany, NY 12222
Email: dev.dalal@gmail.com
1   We refer to selection decision makers as individuals, or technol-
ogy, responsible for screening (e.g., recruiters; automated résumé 
screening) and/or selecting (e.g., hiring managers, human resourc-
es professionals) applicants for vacant job position. 
55
2020 • Issue 2 • 54-64Published By ScholarWorks@BGSU, 2020
Personnel Assessment And decisions  nondiAgnostic informAtion
1955) – a social judgment theory representation of how 
individuals use information when making a decision – high 
decision maker achievement (i.e., good decisions) results 
from utilizing only valid cues (i.e., diagnostic information) 
and ignoring invalid cues (i.e., nondiagnostic information; 
D. K. Dalal et al., 2010). A piece of information is diagnos-
tic, then, to the extent that using it when making a decision 
results in a more accurate and/or better decision. As Tetlock 
and Boettger (1989) caution, “These diagnostic cues are, 
however, embedded in a bewildering array of irrelevant 
variables” (p. 388). Nondiagnostic information are these 
irrelevant variables. In other words, nondiagnostic informa-
tion is information that is not related to the decision being 
made, and its use would result in worse quality decisions 
(i.e., reduced decision maker achievement; D. K. Dalal et 
al., 2010). 
The detrimental impact of nondiagnostic information 
on social judgments (i.e., predictions of others) was demon-
strated in a series of studies by Nisbett and colleagues (1981) 
and Zukier (1982; though see Troutman & Shanteau [1977] 
for a demonstration in nonsocial judgment). In these stud-
ies, participants who received only diagnostic information 
made more accurate predictions of others than participants 
who received, in addition to the same diagnostic informa-
tion, some nondiagnostic information. In particular, those 
in the latter condition tended to make less extreme (i.e., 
regressive) judgments than would be predicted had only the 
diagnostic information been used. For example, participants 
who were asked to predict the GPA of a student and given 
only a diagnostic information (i.e., “Robert studies 31 hours 
per week” p. 390, Tetlock & Boettger, 1989) made more ex-
treme (and accurate) GPA predictions than participants who 
received this information and nondiagnostic information 
(e.g., “Two months is the longest period of time Robert has 
dated one person,” p. 390, Tetlock & Boettger, 1989). Par-
ticipants in this latter condition estimated that Robert would 
have a lower GPA, ostensibly because of his past dating 
history. 
Naturally, the context of the decision matters in deter-
mining whether or not information is diagnostic: whereas 
information about someone (e.g., his/her dating history) 
may be diagnostic for one decision (e.g., is this someone I 
should date?), it is nondiagnostic for another (e.g., is this 
someone I should hire?)—stated differently, the validity of 
a cue is determined, in part, by the decision to be made (D. 
K. Dalal et al., 2010). Lab, field, and observational studies 
have since established the robustness of the dilution effect 
(Waller & Zimbelman, 2003). 
Nondiagnostic Information in Selection Decision 
Making
Concerns about the allure of nondiagnostic information 
are particularly high in selection decision making because 
of the information-rich environment of hiring decisions 
bombarding decision makers with information about candi-
dates (Highhouse, 1997); much of this information is irrel-
evant to predicting which candidate will perform the best 
on the job (Highhouse, 2008). Figure 1 presents the general 
steps in the hiring process and highlights some, though not 
an exhaustive list, of the different types of nondiagnostic 
information shown to impact decision making at each of 
the three decision points: (a) initial screening, (b) candidate 
assessments, and (c) finalist choice. Importantly, we note 
that the generality of the information presented in Figure 
1 stems from the fact that selection methods (e.g., unstruc-
tured in-person interview or video-based interview) or the 
selection context (e.g., entry-level or management posi-
tions) will factor into the types of nondiagnostic informa-
tion available at each stage. Nevertheless, by identifying the 
various types of nondiagnostic information and avenues, we 
highlight the different ways that irrelevant information can 
potentially negatively influence selection decision making.  
For example, most selection decision makers would 
agree that a job applicant’s gender is unlikely to be related 
to his/her capacity to perform the tasks of most jobs (i.e., 
gender is nondiagnostic), particularly for knowledge-based 
positions. As such, gender information should be discount-
ed completely when making selection decisions from both 
an accuracy and legal perspective. Nevertheless, individuals 
perceived a female job candidate as less skilled and were 
less willing to hire her for a technology role than a male 
candidate (Rattan et al., 2019). In that decision making 
context, candidate gender has zero validity for that decision 
and is illegal to use in most countries3—nevertheless, se-
lection decision makers still used this information to judge 
suitability of the technology role. In sum, nondiagnostic 
information is present and can be utilized in hiring decision 
making situations, and the deleterious effects of nondiag-
nostic information on hirability judgments are exacerbated 
as the information becomes more compelling (Dalal et al., 
2015). 
Nondiagnostic information influences selection de-
cision making because most selection decisions makers’ 
“stubborn reliance” (p. 333) on their intuition to make 
2   We acknowledge that the extant literature on the dilution effect 
investigates the impact of nondiagnostic information primarily on 
forming judgments. However, the results extend to decision mak-
ing as well given the need to evaluate (i.e., judge) options before 
making a decision (R. S. Dalal et al., 2010). 
3   For example, Title VII of the Civil Rights Act of 1964 in the United 
States, the Canadian Human Rights Act of 1977, the Sex Discrim-
ination Act of 1975 in the United Kingdom, and Article 13 of the 
1999 Treaty of Amsterdam, agreed upon by all European Union na-
tions, prohibit discrimination in employment based on applicants 
and/or employees gender. In short, these nations consider gender 
a protected class for selection decision making.
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selection decisions (Highhouse, 2008). That is, rather than 
approach a selection decision in a logical and calculated 
manner, as advised by organizational scientists for decades, 
most selection decision makers prefer to rely on their im-
plicit beliefs and gut feelings about candidates, believing 
their intuition and expertise allows them to gather a more 
nuanced understanding of a candidate that structured se-
lection systems miss. Although Highhouse (2008) debunks 
many of the myths surrounding the efficacy of intuitive se-
lection decision making, it nevertheless persists. 
Selection decisions made with the use of intuition are 
suboptimal because using intuition tends to biases decisions 
(Larrick, 2004; Milkman et al., 2009; Soll et al., 2015). 
This bias results from a handful of different sources (Hastie 
& Dawes, 2001). First, individuals generally tend to make 
judgments using only a few pieces of information. Second, 
individuals believe their decision making processes are 
more complex (i.e., involve nonlinear combination of infor-
mation) than reality (i.e., linear models capture judgments 
accurately; see also Camerer & Johnson, 1991). Third, 
individuals do not have accurate knowledge of how much 
they weigh information when making judgments. Fourth, 
different individuals use the same information in very dif-
ferent ways; as such, there is little inter-individual agree-
ment on judgments. Finally, confidence in the accuracy of 
one’s judgment, though not actual accuracy, increases as the 
amount of irrelevant information increases. 
The first and last conditions drive concerns about non-
diagnostic information in selection decision: The availabil-
ity of so much nondiagnostic information makes selection 
decision makers more confident in their decisions without 
a corresponding increase in accuracy because they rely on 
only a few pieces of the typically nondiagnostic informa-
tion (Hastie & Dawes, 2001). Intuitive decision making is 
characterized, in part, by expeditious and surface evaluation 
of information (Milkman et al., 2009; Soll et al., 2015). 
As such, the diagnostic value of information is unlikely 
to be sufficiently evaluated before use. When added to the 
concern that “more and more people are being tasked with 
making decisions that are likely to be biased because of the 
presence of too much information” (Milkman et al., 2009, 
p. 379), it becomes clear why selection decision making is 
particularly susceptible to the insidious effects of nondiag-
nostic information. Specifically, selection decision makers 
want to use their intuitions when evaluating information 
about candidates, and, as described further later, the amount 
FIGURE 1.
Hiring process steps with example assessments/screenings at each step. Nondiagnostic information can impact decision 
making at each of the three latter stages.
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and accessibility of information, diagnostic and nondiag-
nostic, about job candidates is not only increasing rapidly, 
but its use is being embraced by selection decision makers.
Technological advances in the way selection decision 
are made have done little to help alleviate concerns regard-
ing the influence of nondiagnostic information. Indeed, or-
ganizations are increasingly using technological tools like 
automated résumé screening, machine learning, and natural 
language processing of archival data and automatically 
scored video-based interviews to assess candidates (Horn 
& Behrend, 2017). Although on their surface these tools 
suggest that nondiagnostic information would be less likely 
to influence decisions, a common component of all of these 
tools is the need to develop and train a scoring algorithm 
(Raghavan & Barocas, 2019). These algorithms need to be 
built by human decision makers and trained/calibrated on 
existing data. The biases inherent in human judgment and 
decision making, however, will impact the development of 
the algorithms (Vasconcelos et al., 2018), and the training 
data that most organizations have will be based on human 
judges’ past work—these data, then, are also likely to show 
biases of human judgment and decision making, and can 
exacerbate the use of nondiagnostic information (Polli, 
2019). These dual concerns were recently brought to light 
when it was discovered that Amazon’s artificial intelligence 
résumé screening algorithm was biased against women 
(Dastin, 2018). The algorithm was built to screen for spe-
cific features of résumés related to successful performance 
in technology roles (dominated by male hires) and was then 
trained on 10 years’ worth of Amazon résumés (dominated 
by male candidates); as a result of the structure of the algo-
rithm and the bias in the training data, “Amazon’s system 
taught itself that male candidates were preferable” (Dastin, 
2018, n.p.).
As can be seen, the selection decision making land-
scape is quite susceptible to the negative influence of non-
diagnostic information. Selection decision makers prefer 
to use their intuition when making decisions (Highhouse, 
2008), but using one’s intuition can result in an inadequate 
evaluation of the utility of information used to make a 
decision (Milkman et al., 2009; Soll et al., 2015). The out-
come, then, is selection decisions being made without fully 
considering the appropriateness of the information being 
used resulting in biased (i.e., incorrect) selection decisions 
(Hastie & Dawes, 2001). Whether the incorrect selection 
decision is a false positive or false negative, however, will 
depend on the decision made based on the nondiagnostic 
information: If nondiagnostic information is used to screen 
out applicants, then false negatives can result; if used to 
make a finalist choice, then false positives can result. Hav-
ing outlined how nondiagnostic information impacts selec-
tion decisions, we now turn to the types of nondiagnostic 
information that selection decision makers can encounter. 
Types of Nondiagnostic Information
As noted above, what makes information nondiag-
nostic is that it is not valid for the decision being made. In 
the case of selection decisions, nondiagnostic information 
refers to facts provided or learned that do not pertain to the 
job at hand, are not relevant for predicting job performance, 
and/or cannot be verified. Broadly, then, we distinguish be-
tween two types of nondiagnostic information: (a) verified 
information about a job candidate that is unrelated to work 
performance—therefore unrelated to the hiring decision, 
and (b) unverified information (i.e., the authenticity of the 
information is unknown) about a job candidate that may or 
may not be related to work performance. 
In addition to being verified or not, candidate informa-
tion can also be distinguished between legal or illegal4 for 
selection decision making. Table 1 provides the categories 
these two dimensions make and gives examples of types of 
information in each. Whereas the majority of nondiagnostic 
information available to selection decision makers falls in 
the verified group, information from the unverified group 
might be more troublesome for selection decision makers 
because this information is likely more compelling and 
increasing in availability as the use of social networking 
sites to recruit and select individuals increases (Dalal et al., 
2015). 
Verified but nondiagnostic. Information is verified if it 
has been explicitly confirmed or it is reasonable to assume 
that the information is accurate (e.g., inferring race from a 
picture). Although the latter part of the definition signals 
some ambiguity regarding the accuracy of the information, 
by and large, this information is likely to be accurate (Le-
wandowsky et al., 2012). Because information is accurate, 
though, does not mean it is helpful for making a decision. 
The aforementioned study by Rattan and colleagues (2019) 
demonstrated that the race and gender of an applicant af-
fects hirability judgments—particularly when selecting for 
job for which stereotype information might be strong (e.g., 
software engineer). Other research has shown that job ap-
plicants can be discriminated against based on perceived 
religious affiliation (King & Ahmad, 2010), weight (Ping-
itore et al., 1994), age (Carlsson & Eriksson, 2019), and 
pregnancy status (Morgan et al., 2013). These studies show 
that not only do individuals use information that is unrelat-
ed to hiring decisions for most jobs, but they are willing to 
4   We acknowledge that clearly labeling a piece of information as 
legal or illegal is not always feasible given the differences among 
employment laws across and within countries. In our presentation 
here, we focus on information that is illegal at the U.S. federal level 
(e.g., Title VII of the Civil Rights Act; American’s with Disabilities 
Act) as of the year of publication. Many of these same classes of 
individuals are considered protected classes in other countries as 
well (e.g., Canada, United Kingdom, European Union countries). 
Personnel Assessment And decisions
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base decisions off information about protected classes (i.e., 
engage in illegal selection practice; SIOP, 2018).
In addition to these protected classes, selection decision 
makers may use some nondiagnostic information that, al-
though not necessarily illegal, is unlikely to be predictive of 
future work performance. Examples include body art (Henle 
et al., 2018); attractiveness (Lee et al., 2018); simply hav-
ing a profile picture on a social networking website (SNS), 
professional (i.e., LinkedIn; Roulin & Levashina, 2019) or 
not (i.e., Facebook; Baert, 2018); and the nonverbal cues 
that decision makers infer when talking to candidates (Bur-
nett & Motowidlo, 1998). In all of these cases, researchers 
demonstrated that applicants with these features were treat-
ed differently than equivalent applicants without these fea-
tures. This is true even though whether or not an applicant 
would be successful on the job is, for the most part, unrelat-
ed to any of these factors.
Using SNS to screen and select candidates deserves 
special attention given the volume of information that these 
website provide  as well as its influence during the hiring 
process (e.g., McFarland & Ployhart, 2015). To be sure, 
some SNS (e.g., LinkedIn) contain job relevant and valid 
information (see Roulin & Levashina, 2019). Where this 
practice gets problematic, though, is when the use of SNS 
results in encountering nondiagnostic information that later 
influences decision making, of which, there is much (Roth 
et al., 2013). In short, not only do SNS directly present non-
diagnostic information (e.g., the inclusion of a profile pic-
ture), they can also signal other nondiagnostic information 
(e.g., revealing gender, ethnicity, parental status) that may 
be used by decision makers during the hiring process. 
Unverified and therefore nondiagnostic. Unverified 
information, also known as misinformation (Lewandowsky 
et al., 2012), is information that is either objectively false 
(e.g., millennials are lazy and have poor work ethic) or 
that has yet to be verified (e.g., hearsay; speculation). Both 
types of information are nondiagnostic because the infor-
mation is, or could be, false. Thus, making decisions using 
these categories of information can bias decisions (e.g., not 
hiring a millennial candidate) by not only using a nondiag-
nostic piece of information but also possibly using infor-
mation that is not true (Dalal et al., 2015; Lewandowsky et 
al., 2012). Importantly, ignoring unverified nondiagnostic 
information may result in more extreme judgments or less 
extreme judgments depending on the nature of the diagnos-
tic and nondiagnostic information and the context of the 
decision.  
Selection decision makers may also encounter rumors, 
“unverified, instrumentally relevant information statements 
transmitted among people,” (p. 225, Dalal et al., 2015), 
about the candidates when engaging in Internet searches 
for candidate information (Davidson et al., 2011). Selection 
Information that is legal to use
Information that is verified
Information about the candidate that 
is (reasonably) known to be true, and 
whose use does not violate a law.
Examples:
1) Body art (Henle et al., 2018); 
2) Body language (Burnett & 
Motowidlo, 1998)
Information that is unverified
Information about a candidate that is 
not known to be true, and whose use 
does not violate a law.
Examples:
1) Speculation about political 
affiliation (Roth et al., 2017) 
2) Rumor about past poor 
performance (Dalal et al., 2015)
Information that is illegal to use
Information about the candidate that 
is (reasonably) known to be true, and 
whose use violates a law.
Examples:
1) Candidate race
2) Candidate gender
Information about a candidate that is 
not known to be true, and whose use 
violates a law.
Examples:
1) Suspected disability status 
(Premeaux, 2001) 
2) Perceived age (Carlsson & 
Erikson, 2019)
Note. Legality of information based on United States federal law as of the year 2020. Examples assumed to be not job 
related.
TABLE 1.
Categorization of Nondiagnostic Information Based on Verification and Legality for Use in Selection Decision Making
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decision makers should discount whatever information is 
in a rumor; as such, their judgments should be formed only 
from the verified diagnostic information presented, mean-
ing judgments should become either more or less extreme 
depending on the extremity of the rumored information rel-
ative to the diagnostic information. If the rumored informa-
tion points to a more extreme judgment than the diagnostic 
information alone, actual judgments should be less extreme 
if the rumor is ignored, and vice versa. 
Although one may question the extent to which rumors 
influence hiring judgments, Dalal and colleagues (2015) 
showed that working adults with hiring experience are in-
fluenced by rumors. These participants stated that rumored 
information, compared to non-rumored information, is less 
verified, less important, less helpful, and less useful when 
making judgments. Additionally, respondents also believed 
this information less and said they were less likely to use 
rumored information when making hiring decisions. Never-
theless, actual decisions made by the same individuals did 
not show evidence of discounting the rumored information. 
Individuals who received rumored information treated that 
information identically to those who received the same in-
formation but not as a rumor (i.e., as diagnostic for predict-
ing work performance). Although decision makers stated 
they would not trust or use rumors to make hiring decisions, 
their actual judgments still utilized this information, even 
when they knew the information was a rumor. In addition to 
biasing judgments, use of such information can open orga-
nizations to negligent hiring and/or defamation lawsuits (see 
Ryan & Lasek, 1991). 
Why Nondiagnostic Information Affects Decision 
Making
Understanding the causal mechanisms by which nondi-
agnostic information impacts decision making can point to 
possible solutions. As noted earlier, selection decision mak-
ers’ reliance on their intuitions can explain why they strug-
gle to adequately evaluate the diagnosticity of the informa-
tion and also why nondiagnostic information is so alluring 
to them (Highhouse, 2008; Milkman et al., 2009; Soll et al., 
2015). Here, we explore the underlying processes by which 
the nondiagnostic information results in biased judgments; 
specifically, we outline two categories of explanations: (a) 
proposed underlying processes causing individuals to use 
nondiagnostic information, and (2) the impact of nondiag-
nostic information on other cognitive processes that hinder 
decision making. 
Underlying causal processes. Nisbett and colleagues 
(1981) originally proposed that dilution occurs because 
individuals utilize a representativeness heuristic when 
forming judgments. Specifically, in judging the outcome of 
some social target, an individual will compare the number 
of common (e.g., score on a standardized test) and uncom-
mon features (e.g., has a family) the target has relative to a 
representative exemplar in a category for the judgment (e.g., 
hirability judgments). The presence of nondiagnostic infor-
mation introduces uncommon features between the target 
and the exemplar group, therein diluting judgments (i.e., a 
candidate with a family is outside the category domain, thus 
judged to have lower performance than the category of only 
standardized test information). 
An alternative perspective on the causal mechanism 
for the dilution effect stems from conversational theory. 
According to this perspective, decision makers expect 
individuals to adhere to conversational maxims (Grice, 
1975) such that people will only share information perti-
nent to the judgment at hand (maxims of relation), only 
share information known to be accurate or true (maximum 
of quality), and only contribute the information required 
for the exchange (maxim of quantity). As such, according 
to the conversational theory of dilution, decision makers 
use the nondiagnostic information because they expect the 
information to be relevant given the norms of conversation 
(Kemmelmeier, 2004),   
Finally, a third perspective on the impact of nondi-
agnostic information on judgments is that of integrative 
complex thinking. Tetlock and Boettger (1989) showed that 
when provided with nondiagnostic information, individuals 
process information in such a way as to draw meaningful 
connections among different pieces of information. Accord-
ing to this perspective, nondiagnostic information impacts 
decision making because the presence of the information 
spurs the decision maker to engage in more complex think-
ing; this complex thinking in turn results in the decision 
maker using the information to make a decision that is less 
accurate than a decision using only the single piece of diag-
nostic information. 
Other cognitive processes. Beyond these direct causal 
explanations, others have proposed that nondiagnostic in-
formation hindered decision making because its effects on 
other cognitive processes. First, Dana et al. (2013) proposed 
that decision makers engage in sensemaking when provid-
ed with nondiagnostic information (see Dalal et al., 2015 
for how sensemaking can drive the use of rumors). That is, 
decision makers fit a coherent story to nondiagnostic in-
formation (i.e., unstructured interview responses) to justify 
their decision. Similarly, Kausel et al. (2016) proposed that 
the nondiagnostic information of an unstructured inter-
view actually made decision makers overconfident in their 
judgments. Similar cognitive processes include the myth 
of expertise (Highhouse, 2008) wherein selection decision 
makers believe they have the expertise to glean meaning-
ful information from nondiagnostic data and reach-around 
knowledge (Dunning, 2014)—information that is unrelated 
to a decision but that the decision maker uses to justify his/
her choice. Additionally, nondiagnostic information is like-
ly to exacerbate confirmation bias, the tendency to seek in-
Personnel Assessment And decisions
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formation that endorses people’s preexisting beliefs (Zhang 
& Highhouse, 2018). In all cases, the presence of the nondi-
agnostic information affects the decision maker’s ability to 
ignore the nondiagnostic information. 
Finally, accountability for a decision can exacerbate the 
impact of nondiagnostic information. Traditionally, hold-
ing decision makers accountable for their choices tends to 
reduce biased decision making (Tetlock & Boettger, 1989). 
This is true, however, if the decision maker has only rele-
vant information from which to make the decision; other-
wise, accountability can increase the use of nondiagnostic 
information. Tetlock and Boettger (1989) demonstrated that 
judges under an accountability manipulation were more 
likely to utilize the nondiagnostic information (i.e., diluted 
their judgments). In short, accountability can actually make 
the impact of nondiagnostic information worse; unfortu-
nately, selection decision makers are accountable for their 
choices suggesting that the impact of nondiagnostic infor-
mation will be worse, not better, in these contexts (Zhang & 
Highhouse, 2018). 
Prevalence of Verified and Unverified Nondiagnostic 
Information
Although the preponderance of research shows that 
nondiagnostic information can negatively impact decision 
making, a natural follow-up question is: Do selection de-
cision makers encounter nondiagnostic information when 
making hiring decisions? In this section, we present a pic-
ture of the prevalence of verified nondiagnostic information 
by reviewing the frequency with which selection decision 
makers utilize sources of this information.6 Then, we pres-
ent the results of a large-scale workforce survey to gauge 
the prevalence of unverified nondiagnostic information.
Prevalence of verified nondiagnostic information. 
We can gain a sense of the prevalence of verified nondi-
agnostic information by looking at the rate with which 
selection decision makers utilize information sources likely 
to contain nondiagnostic information. First, one avenue by 
which decision makers may obtain nondiagnostic informa-
tion is while interviewing a candidate, particularly when us-
ing an unstructured interview (Dana et al., 2013; Kausel et 
al., 2016). Interviewing candidates remains one of the most 
popular selection methods for the employer (Highhouse, 
2008) and the candidate (Maurer, 2015). Supporting this 
view, a 2017 benchmarking survey of Society for Human 
Resource Management (SHRM) members found that 68% 
of organizations use one-on-one interviews at all levels of 
hiring, with up to 14% of them using an unstructured inter-
view (SHRM, 2017).
Second, using SNS to screen applicants is growing 
in popularity to the point that some are suggesting online 
presence will be more important than a résumé (Schwabel, 
2011). In a separate benchmarking survey, SHRM found 
that 70% of employers leverage SNS as a recruiting strat-
egy (SHRM, 2016). Moreover, employers are increasing-
ly using SNS to conduct background checks to confirm 
a candidate’s qualifications for a position (Segal, 2018). 
Although some SNS may contain valid information about 
a candidate (e.g., LinkedIn; Roulin & Levashina, 2019), 
others do not (Roth et al., 2013). To this latter point, 22% of 
respondents reported using more questionable SNSs such 
as Facebook or Instagram to research job candidates (Segal, 
2018). Indeed, Roth and colleagues (2013) note that, “75% 
of recruiters are required to do online research of appli-
cants, and 70% reported rejecting individuals as a result” (p. 
2). 
Finally, selection decision makers are increasing-
ly utilizing their referral networks to obtain information 
about candidates (Ryan, 2015). These formal, in the form 
of letters of recommendation, and informal conversations 
will likely be a mix of diagnostic, verified nondiagnostic, 
and potentially unverified information. Letters of recom-
mendation/referral may be particularly tricky insofar as 
individuals may perceive information as diagnostic and/
or verified based on the letter writer’s perceived credibility 
(Lewandowsky et al., 2012). In short, selection decision 
makers, relying on their intuition, may insufficiently vet the 
credibility of the source and/or information in a letter of 
recommendation, opting to believe the information because 
the source is assumed credible (Milkman et al., 2009). In 
sum, a large proportion of selection decision makers are 
utilizing information sources likely to contain a mix of di-
agnostic and nondiagnostic information; given that decision 
makers find it difficult to ignore nondiagnostic information, 
these prevalence estimates are concerning. 
Prevalence of unverified information. Although it is 
possible that selection decision makers may encounter un-
verified information through their Internet searches of job 
candidates, it is important to demonstrate the prevalence of 
this type of information more directly. To that end, we ana-
lyzed archival data collected as part of a large-scale survey 
conducted by IBM.7 
Participants and Procedures 
In 2016, 7,735 respondents participated in a large-scale 
survey, known as the WorkTrends Survey, administered 
by the IBM Smarter Workforce Institute. The participants 
were on average 37 years old (SD = 10.34), 58% male, 55% 
mid-level managers, and 74% had bachelor’s or graduate 
degrees. Importantly, all of these respondents had been 
personally responsible for hiring new employees within the 
year of the survey. Among other questions asked, partici-
pants were asked “how often have you heard a rumor (e.g., 
from a colleague, social media sites, etc.) about a job appli-
6   We acknowledge that these sources of information are likely to 
contribute diagnostic information as well. Our focus on nondiagnos-
tic information is to keep in line with the message of our paper.
7   This is the first time these data have been published in any format.
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cant during the selection process” on a 5-point scale 
(1 = “never”; 5 = “always”).  
Results and Discussion 
Sixty-five percent of the participants reported “some-
times”, “often”, or “always” (31%, 25%, and 9%, respec-
tively) encountering a rumor about a job candidate during 
the selection process, with less than 15% of the participants 
saying they have “never” heard a rumor about a candidate. 
As can be seen, this direct question to selection decision 
makers shows that the majority of individuals are encoun-
tering rumors. These results coupled with those of Dalal 
and colleagues (2015) paint a potentially troubling picture: 
Selection decision makers are hearing rumors about can-
didates, and they may not be ignoring them when making 
decisions. This is true even though this information has no 
validity for making selection decisions (at least until veri-
fied which is rare, Dalal et al., 2015). 
Mitigation Strategies
The inability to ignore plainly nondiagnostic infor-
mation when forming judgment can result in suboptimal 
selection decisions (Highhouse, 1997). Beyond hindering 
decision quality, though, using nondiagnostic information 
when making selection decision can potentially result in ad-
verse impact. For example, decision makers who used their 
intuitions to form holistic judgments of candidates’ Linke-
dIn profiles showed a trend toward adverse impact in their 
decision making (Roulin & Levashina, 2019). In addition, 
a growing concern is organizations discriminating against 
those with family responsibilities during the hiring process 
(i.e., family responsibilities discrimination [FRD]; Albis-
ton et al., 2007). Given the ease with which employers can 
learn about the family status of job candidates with Internet 
and SNS information (e.g., family photos; group affilia-
tions), concerns of FRD are increasing. When coupled with 
the negative impacts perceived ethnicity, gender (Rattan et 
al., 2019), religious affiliation (King & Ahmad, 2010), age 
(Carlsson & Eriksson, 2019), and pregnancy status (Morgan 
et al., 2013), among others, have on hiring decisions, the 
use of nondiagnostic information in selection decision mak-
ing can lead to adverse impact. 
In light of these negative implications, we conclude by 
offering suggestions for mitigating the impact of nondiag-
nostic information in selection decision making. Although 
an obvious solution is to avoid being presented nondiag-
nostic information, it is nearly impossible to avoid nondi-
agnostic information. Instead, we organize our review of 
mitigation strategies around debiasing techniques (Larrick, 
2004; Milkman et al., 2009; Soll et al., 2015). With respect 
to debiasing the use of nondiagnostic information, we will 
consider debiasing the process by which decision-making 
procedures are corrected for systematic deficiencies in the 
use of information.8 Furthermore, biases can be attributed to 
either the person or the task. In the former, the decision en-
vironment is considered fixed, and the decision maker must 
be given training, knowledge, or tools to overcome the bias. 
In the latter, the decision context is changed to better match 
the person making the decision. Soll and colleagues (2015) 
refer to these two categories of debiasing as “modify the 
decision maker” and “modify the environment,” respective-
ly (p. 926); we provide examples within each domain. 
Modify the Decision Maker
The best performing, yet least used, modification to 
the decision maker is to standardized the collection of valid 
information and statistically combine this data. Indeed, by 
removing human intuition from collecting and combining 
data, nondiagnostic information cannot influence the deci-
sion. In the case of selection decision making, this would 
entail using standardized pre-employment screening meth-
ods (e.g., structured interviews, paper-and-pencil tests of 
psychological constructs), and combining these data using 
simple linear equations, which have been shown to outper-
form human judges (Dawes et al., 1989). However, previ-
ous research has found that selection decision makers react 
negatively to standardized preemployment assessments and 
algorithmic combination of data (e.g., Highhouse, 2008; 
Nolan et al., 2016; Nolan et al., 2020). In addition, some 
standardized assessment methods may still provide avenues 
for nondiagnostic information to influence judgments as 
in the case of initial impressions developed during rapport 
building phases of structured interviews (see Swider et 
al., 2016). Despite these concerns, the validity of structure 
selection systems has been demonstrated repeatedly and is 
perhaps one of the best ways to limit the impact of nondi-
agnostic information on selection decision making (High-
house, 2008); as such, selection decision makers should 
continue to be advised to consider such approaches. 
Another modification that could be made is to train 
selection decision makers on the rules for making unbiased 
judgments (Larrick, 2004) such as training on recognizing 
and avoiding nondiagnostic information. We note here that 
in some instances the biases exhibited by a selection deci-
sion maker might be implicit, so training these biases may 
be more difficult than others. However, this training could 
take the form of cognitive feedback: information about what 
cues decision makers are using to make decisions relative 
to which cues are valid for making decisions (Balzer et al., 
1989). Providing decision makers with a glimpse into how 
8   Debiasing decision procedures is different from addressing 
coherence-based and correspondence-based biases. Whereas the 
former category involves biases resulting from logical inconsisten-
cies, the latter category involves biases resulting from mispercep-
tions of reality. See Soll, Milkman, and Payne (2015) for a detailed 
discussion of these three categories of biases.
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they are using diagnostic and nondiagnostic information to 
make their decisions can help them learn what information 
to ignore before forming their judgment (see also, D. K. 
Dalal et al., 2010). Indeed, individuals who cross out non-
diagnostic information before making a judgment showed 
reduced dilution (Kemmelmeier, 2004). 
The final decision-maker modification we discuss is the 
“consider the opposite” technique. In this debiasing strat-
egy, the decision maker is asked to consider the opposing 
choice (e.g., another job finalist) or consider reasons why 
the initial choice might be wrong. The goal of this technique 
is to mitigate a narrow focus on confirming evidence (Lar-
rick, 2004; Soll et al., 2015; Zhang & Highhouse, 2018). In 
the case of selection decision making, this technique might 
encourage the decision maker to consider how and why the 
used the information provided to them, and identify reasons 
why a decision based on nondiagnostic information might 
be wrong. 
Modify the Decision Environment 
The second path to mitigating the use of nondiagnostic 
information in selection decision making is to modify the 
decision context in which the decision is being made. In 
this case, the goal is not necessarily to change the decision 
maker but to change the decision environment to reduce 
bias. One such approach is to formalize the rules by which 
information can be used which has been shown to reduce 
the reliance on nondiagnostic information (Waller & Zim-
belman, 2003). By giving decision makers specific instruc-
tions on how to use different sources of information, they 
are less likely to rely on their intuition and therein rely less 
on nondiagnostic information. For example, Roulin and Le-
vashina (2019) applied this rule to using SNS information 
and showed that formalizing the procedures by which selec-
tion decision makers use LinkedIn reduced the potential for 
adverse impact and resulted in the use of more valid Linke-
dIn information (i.e., better use of  diagnostic information). 
A second decision environment change is to use plan-
ning prompts (Soll et al., 2015). Planning prompts require 
that an individual decide on, among other things, how to 
make a decision. These plans can then be checked to ensure 
that nondiagnostic information is not intended to be used, 
and form a “commitment that is both psychologically diffi-
cult to break and memorable” (p. 937, Soll et al., 2015). In 
this way, planning prompts commit the selection decision 
maker to a strategy that removes the use of nondiagnostic 
information.   
Table 2 summarizes the main takeaway points from this 
paper. That nondiagnostic information can negatively affect 
selection decisions is not new, yet the impact of this infor
1. Nondiagnostic information is information that is not related to the decision being made, and its use would result in 
worse quality decisions.
 
2. We distinguish two types of nondiagnostic information: 
a) verified information about a candidate that is unrelated to work performance (e.g., gender).
b) unverified information about a candidate that, because the veracity of the information is unknown, may or may not be 
related to work performance (e.g., rumors).
 
3. Nondiagnostic information comes from many sources; sources that are popular among selection decision makers (e.g., 
LinkedIn) and/or can be trained into technology (e.g., gender bias in automated resume screening.
 
4. Nondiagnostic information is particularly alluring for decision makers who believe their expertise can improve selection 
decisions. This is because the addition of nondiagnostic information increases perceived confidence but a decrease in 
accuracy.
 
5. Using nondiagnostic information can open up organizations to potential claims of adverse impact.
 
6. Selection practitioners should limit the use of nondiagnostic information by engaging in debiasing techniques:
a) Modifying the decision maker such as using structured selection systems, engaging in cognitive feedback training, or 
using “consider the opposite” prompts.
b) Modifying the decision environments such as setting rules for what information is allowable in selection decisions 
and how, or using planning prompts.
 
7. Organizations should provide resources and/or implement processes that can help curb the use of nondiagnostic 
information among its selection decision makers.
a) Provide continuous debiasing training to their selection decision makers.
b) Consider providing debiasing training to all employees given the increase in employee referrals practices and team 
hiring practices within organizations.
TABLE 2.
Takeaway Points From the Current Article
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mation is not abating. Recognizing the inappropriateness 
of nondiagnostic information is just the first step to elimi-
nating the impact. The strategies presented here represent 
just a sample of different approaches available to selection 
decision makers. Using these strategies should mitigate the 
deleterious influence of nondiagnostic information on selec-
tion decisions during the selection process.   
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